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Case$Based Reasoning in CADETCADET% &' stored examples of mechanical devices each training example% h qualitative function<mechanical structurei new query% desired function< target value% mechanical structure for thisfunctionDistance metric% match qualitative functiondescriptions
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Case$Based Reasoning in CADET
A stored case: 
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A problem specification: Water faucet
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Case$Based Reasoning in CADET Instances represented by rich structuraldescriptions Multiple cases retrieved 3and combined5 to formsolution to new problem Tight coupling between case retrieval andproblem solvingBottom line; Simple matching of cases useful for tasks such asanswering help>desk queries Area of ongoing research
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Lazy and Eager LearningLazy$ wait for query before generalizing k Nearest Neighbor2 Case based reasoningEager$ generalize before seeing query Radial basis function networks2 ID<2Backpropagation2 NaiveBayes2 ! ! !Does it matterB Eager learner must create global approximation Lazy learner can create many localapproximations if they use same H2 lazy can represent morecomplex fns EeFgF2 consider H G linear functionsH
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